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Abstract

disease caused by SVBV.

mechanism

Background: Woodland strawberry (Fragaria vesca) infected with Strawberry vein banding virus (SVBV) exhibits
chlorotic symptoms along the leaf veins. However, little is known about the molecular mechanism of strawberry

Methods: We performed the next-generation sequencing (RNA-Seq) study to identify gene expression changes
induced by SVBV in woodland strawberry using mock-inoculated plants as a control.

Results: Using RNA-Seq, we have identified 36,850 unigenes, of which 517 were differentially expressed in the
virus-infected plants (DEGs). The unigenes were annotated and classified with Gene Ontology (GO), Clusters of
Orthologous Group (COG) and Kyoto Encyclopedia of Genes and Genomes (KEGG) analyses. The KEGG pathway
analysis of these genes suggested that strawberry disease caused by SVBV may affect multiple processes including
pigment metabolism, photosynthesis and plant-pathogen interactions.

Conclusions: Our research provides comprehensive transcriptome information regarding SVBV infection in strawberry.
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Background

Strawberry vein banding virus (SVBV) is one of the major
viruses infecting strawberries. It has been reported world-
wide, from North America to Australia to Belgium to
Japan [1, 2]. In China, SVBV has been found in Henan,
Hebei, Jilin and Zhejiang provinces causing serious loss of
strawberry production [3]. Woodland strawberry infected
with SVBV shows such characteristic symptoms as yello-
wing along the major leaf veins, shorter stolons, reduced
plant growth and smaller fruit, as well as significant reduc-
tion in berry yield and quality. SVBV is transmitted either
by grafting or by aphids in a semi-persistent manner [4].
SVBV is a member of the genus Caulimovirus, and has
a circular dsDNA genome with one single stranded
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discontinuity on each DNA strand. The full-length of
SVBV genome is ~8 kilobase pairs-long and encodes
seven proteins [5].

Investigation of the pathogenic mechanism of SVBV in
strawberry is important for better design of the disease
control strategies. Woodland strawberry (family Rosaceae)
is an important experimental plant for studying the mech-
anisms of virus-plant interactions and a facile model for
investigating gene expression changes in response to
pathogen infections [6, 7]. Because such response involves
multiple physiological and metabolic processes, genome-
wide expression profiling is a method of choice for
studying these processes at the transcriptional level. Next
generation sequencing techniques, such as RNA-Seq, have
provided a powerful approach for studying the entire tran-
scriptomes. RNA-Seq is used to measure gene expression,
identify the mRNAs, non-coding RNAs and small RNAs,
as well as to detect alternative splicing patterns [8].
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Previous studies using RNA-Seq have greatly extended
our understanding of the mechanisms underlying plant
diseases caused by a wide range of pathogens. The tran-
scriptome analysis of Nicotiana tabacum infected with
Cucumber mosaic virus (CMV) suggested that, the
changes in pigment metabolism pathway may be directly
responsible for the disease development [9]. Comparative
transcriptome analysis of two rice varieties in response to
Rice stripe virus (RSV) infection showed that the lignifi-
cation and cell wall strengthening play a critical role in
resistance to RSV, providing a foundation for breeding for
resistance to rice stripe disease [10]. Transcriptome gene
expression analysis of Chenopodium amaranticolor in
response to virus-induced hypersensitive response (HR)
identified a number of candidate genes such as RIN4,
RPS2, PRI and COI1, that are essential for a jasmonate-
regulated defense. Each of these genes was specifically
regulated during either TMV or CMV infection at both
early and late stages of the HR [11].

In this study, we analyzed the response of strawberry
plants to infection with SVBV using RNA-Seq and in-
vestigated the alterations in gene expression between
the healthy and infected plants. We found that the genes
involved in in many biological processes, such as plant
pigment metabolism, photosynthesis and plant-pathogen
interactions, were differentially expressed. These results
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will help to understand the regulatory mechanisms in-
volved in strawberry response to SVBV infection.

Results and discussion

lllumina sequencing and reads assembly

We chose strawberry plants infected with SVBV as a
model to investigate host transcriptome responses. The
inoculated strawberry leaves developed typical vein
banding symptoms at 40 days post inoculation (Fig. 1a),
while the mock-inoculated strawberry leaves did not
show any symptoms (Fig. 1b). Southern blot analysis
validated that symptomatic leaves were infected by SVBV
(Fig. 1c). These leaves were collected for RNA extraction
followed by Illumina sequencing. Two cDNA libraries,
T1 (mock-inoculated control) and T2 (SVBV inoculated
leaf material) were sequenced resulting in 76,157,614
and 72,701,140 sequence reads that encompassed 7.69
Gb and 7.34 Gb of sequence data, respectively. The
reads’ length from both libraries ranged from 50 to 101
base pairs (bp) (Table 1). The tag density was sufficient
for the quantitative analysis of gene expression. Sequence
data from T1 and T2 libraries were combined to obtain
36,850 unigenes. The GC content of sequences from these
was ~50 % with the phred quality score (Q30) above 90 %,
indicating that the accuracy and quality of the sequencing
data were sufficient for further analysis. The length
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Fig 1 Symptoms of woodland strawberry. a: Vein banding symptom of woodland strawberry inoculated with SVBV infectious clone; (b):
Symptomless woodland strawberry inoculated with A. tumefaciens. ¢: Genome DNA of SVBV detected by Southern blot. 1-3: Woodland
strawberry inoculated with SVBV infectious clone; 4-5: Woodland strawberry inoculated with A. tumefaciens; 6: Plasmid pSVBV-E3
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Table 1 Summary statistics for strawberry genes based on the
RNA-Seq data

T T2

Total reads 76157614 72701140
Sequence data 7.69 Gb 734 Gb
GC(%) 48.80 4846
CycleQ30% 9127 90.92
Mapped reads 63316297 60321762
UnigReads 62449329 59372555
MultiPosiReads 866968 949207
Total unigenes 18335 18515

distributions of total unigenes had similar patterns be-
tween the libraries, suggesting that there was no bias in
the library construction (Additional file 2: Figure S1).

Global patterns of gene expression in response to

SVBV infection

Further analysis revealed that 517 unigenes showed dif-
ferential expression as compared to mock-inoculated
control. Among these 517 differentially expressed genes
(DEGs), 280 were up regulated, and 237 were down
regulated. BLAST results were obtained for these DEGs
against five protein databases, namely the non-redundant
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(nr, NCBI) protein database, Swiss-Prot database, Clusters
of Orthologous Groups of proteins (COG, NCBI) data-
base, the Gene Ontology (GO) database and Kyoto
Encyclopedia of Genes and Genomes (KEGG) database.
Among them, 498 DEGs had nr annotation, 388 DEGs
had Swiss-Prot annotation, 195 DEGs had COG anno-
tations, 425 DEGs had GO annotations and 79 DEGs
had KEGG functional annotations.

Sequences with BLAST hits were further classified
with COG, GO and KEGG pathway analysis. COG ana-
lysis indicated that 195 DEGs could be grouped into 21
clusters, and the DEGs mainly distributed in the cluster
of ‘posttranslational modification, protein turnover and
chaperones, replication, recombination, repair, transcrip-
tion, and signal transduction mechanisms’. The cluster
of ‘general function prediction’ accounted for 12 % of
the total annotated DEGs, and their functions are still
unknown (Fig. 2). The 425 DEGs annotated to the GO
database were distributed in 47 functional types, including
“growth and development”, “cell death”, “metabolism”,
and “transcriptional regulation” (Fig. 3). Particularly,
among these GO functional classes, a class of ‘cell killing’
has the largest differences between the SVBV-infected and
virus-free samples, suggesting that the corresponding
genes might be related to the pathogenic mechanism of
SVBV. In conclusion, no matter which database we used,
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Fig 2 COG function Classification of DEGs. 195 DEGs were categorized into 21 functional groups. The x-axis shows the activity of DEGs and

. A: RNA processing and modification
. B: Chromatin structure and dynamics
. C: Energy production and conversion
D: Cell cycle control, cell division, chromosome partitioning
. E: Amino acid transport and metabolism
. F: Nucleotide transport and metabolism
. G: Carbohydrate transport and metabolism
. H: Coenzyme transport and metabolism
. I: Lipid transport and metabolism
. J: Translation, ribosomal structure and biogenesis
. K: Transcription
. L: Replication, recombination and repair
. M: Cell wall/membrane/envelope biogenesis
[ N: Cell motility
. O: Posttranslational modification, protein turnover, chaperones
. P: Inorganic ion transport and metabolism
. Q: Secondary metabolites biosynthesis, transport and catabolism
. R: General function prediction only
. S: Function unknown
. T: Signal transduction mechanisms
. U: Intracellular trafficking, secretion, and vesicular transport
. V: Defense mechanisms
. W: Extracellular structures
. Y: Nuclear structure
. Z: Cytoskeleton
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Fig 3 GO function Classification of DEGs. 425 DEGs were categorized into 47 functional groups. The x-axis shows the functional groups and
the y-axis shows the percent of genes calculated in our library

KEGG_pathway
O Alanine, aspartate and glutamate metabolism

/\ Butanoate metabolism

-log10(Q-value)

v

0.4

Em%*EEV 2K a9 O\

enrichment of genes calculated in our library

~- Carotenoid biosynthesis
><_ Diterpenoid biosynthesis
<> DNA replication
\/ Ether lipid metabolism
X Flavonoid biosynthesis

9[6 Folate biosynthesis
Q} Glycerophospholipid metabolism

@ Glycosylphosphatidylinositol(GPI)-anchor biosynthesis
m Homologous recombination
[ Lysine biosynthesis
X Mismatch repair
[/ Nucleotide excision repair
Plant-pathogen interaction
Pyrimidine metabolism
Riboflavin metabolism
Selenocompound metabolism

@ Sulfur metabolism
Taurine and hypotaurine metabolism

0.6

0.2
enrichment factor
Fig 4 Important KEGG pathways influenced by SVBV infection. The x-axis shows the enrichment factors and y-axis shows the significance of




Chen et al. Virology Journal (2016) 13:128

most of DEGs were putatively involved in cellular me-
tabolism, signaling transduction, and plant-pathogen
interactions. These genes appear to be relevant to the
interactions between strawberry and SVBV.

Analysis of important KEGG pathways

DEGs of strawberry infected with SVBV were annotated
to 20 KEGG pathways (Fig. 4). The top three KEGG
pathways containing the largest numbers of DEGs were
DNA replication, plant-pathogen interactions and hom-
ologous recombination (Table 2). In addition, pigment
metabolism and photosynthesis pathways also have a cer-
tain degree of enrichment. In these KEGG pathways, we
found that the expressions of 14 genes were significantly
altered (Fig. 5).

Glutamic acid decarboxylase (GAD) gene was signifi-
cantly up-regulated by SVBV infection. GAD has been
reported to be involved in “taurine and hypotaurine
metabolism” of plant pigment metabolism and is the
key enzyme in y-aminobutyric acid (GABA) synthesis. In
response to the biotic stress, plants rapidly increase GAD
expression and accumulate quantity of GABA [12, 13],
leading to reduce other free amino acid content and
inhibiting the growth of stems [14]. The carotenoid

Table 2 Numbers of DEGs of top 18 KEGG pathways

Pathway DEGs with pathway Pathway ID  P-value
annotation (55)

DNA replication 6 (10.9 %) ko03030 3.26E-05

Plant-pathogen interaction 5 (9.09 %) ko04626 0.016313

Homologous recombination 3 (545 %) ko03440 0.038149

Pyrimidine metabolism 3 (545 %) ko00240 0.054767

Glycerophospholipid 2 (3.63 %) ko00564 0.062874

metabolism

Cysteine and methionine 2 (3.63 %) ko00270 0.124652

metabolism

Carotenoid biosynthesis 2 (3.63 %) ko00906 0.134477

Flavonoid biosynthesis 2 (3.63 %) ko00941 0.139119

Mismatch repair 2 (3.63 %) ko03430 0.180901

Starch and sucrose 2 (3.63 %) ko00500 0181124

metabolism

Nucleotide excision repair 2 (3.63 %) ko03420 0.221115

RNA transport 2 (3.63 %) ko03013 0.235493

Alanine, aspartate and 2 (3.63 %) ko00250 0.241640

glutamate metabolism

Plant hormone signal 2 (3.63 %) ko04075 0.246704

transduction

Purine metabolism 2 (3.63 %) ko00230 0.283547

Ubiquitin mediated 2 (3.63 %) ko04120 0.283547

proteolysis

Protein processing in 2 (3.63 %) ko04141 0.295430

endoplasmic reticulum

Glutathione metabolism 2 (3.63 %) ko00480 0303477
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Fig 5 Expression patterns of 14 important genes related to SVBV
pathogenicity. The two columns respectively show the expression
of T1 and T2 from left to right, and every row represents a different
gene. The color green, black and red indicate low, medium and
high expression levels of genes, respectively

60S ribosoma export protein

biosynthesis pathway that mainly related to the photosyn-
thesis also has a certain degree of enrichment, which
might be highly associated with strawberry regulatory net-
work in response to SVBV infection. The pathway might
be highly associated with strawberry regulatory network
in response to SVBV infection. Abscisic acid-8'-hydroxy-
lase was related to “carotenoid biosynthesis” upon the
pathogens and environmental stresses, the content of
ABA caused by abscisic acid-8'-hydroxylase rise so rapidly,
ABA depresses entire plant growth and vitro organs by
functioning as a strong plant growth inhibitor [15].

Plant WRKY transcription factors and respiratory burst
oxidase homolog protein were involved in plant-pathogen
interaction, the up-regulation of factors is the embodi-
ment of the plant immune responses [16]. Anthocyanin
reductase and dihydroflavonol 4-reductase were both re-
lated to “flavonoid biosynthesis”. Anthocyanins, the plant
secondary metabolites, play a key role in the process of
fruit mature of strawberry [17].

Confirmation of expression patterns by qRT-PCR

In order to validate our DGE data, ten DEGs with annota-
tions were selected for qRT-PCR analysis. Among them,
eight out of ten DGEs exhibited a consistent expression
pattern between RNA-Seq and qRT-PCR (Fig. 6). For ex-
ample, both qRT-PCR and DGE analyses showed that
genes encoding dihydroflavonol-4 reductase, glutamate
decarboxylase, anthocyanidin reductase and abscisic acid
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Fig 6 gRT-PCR validation of the relative expression levels of transcripts selected from the DGE analysis. Expression profiles of selected genes as
determined by gRT-PCR (Red) and DGE (Blue). The signal intensity of each transcript was normalized using Actin. They axis shows the normalized
expression level of the transcript, and the x axis shows the DEGs. Error bars represent the standard deviations of gRT-PCR (n = 3). D4H, Di-
hydroflavonol-4 reductase; GD, Glutamate decarboxylase; AR, anthocyanidin reductase; AAH, Abscisic acid hydroxylase; G200, Gibberellin-20
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hydroxylase were strongly up regulated in SVBV-infected
strawberry compared to uninfected control. Analogously,
the reduced expression of genes encoding the gibberellin
20-oxidase, heat shock protein 83 (Hsp83), eukaryotic
translation initiation factor-5 (ETIF5) and auxin-induced
protein 15 A revealed by RNA-Seq analysis were also vali-
dated by qRT-PCR. In addition, we analyzed expression of
two genes encoding calmodulin and abscisic-acid receptor
PYL4 by qRT-PCR. According to our data, neither of these
two genes exhibited detectable differential expression
during SVBV infection in the DEG dataset. Once again,
qRT-PCR analysis validated these results. Thus, we have
validated the conclusions of RNA-Seq analysis by inde-
pendent qRT-PCR approach for all three major categories
of genes: those up regulated, down regulated and un-
changed in response to SVBV infection of strawberry.

Materials and methods
Sample preparation
Strawberry plants (F. vesca) were grown in a greenhouse
on a cycle of 16 h light at 30 °C and 8 h dark at 25 °C.
SVBV infectious clone, pBIN-1.5SVBV, constructed by
insertion of 1.5-mer SVBV cDNA into the plant expres-
sion vector pBINPLUS were used for inoculation (un-
published data). Agrobacterium tumefaciens (EHA105)
containing pBIN-1.5SVBV was inoculated onto the top
two leaves of Fragaria vesca plants. For southern blot,
total DNA was extracted from strawberry leaves, trans-
ferred onto a Hybond-N+ membrane (GE Healthcare),
and immersed into the buffer containing radioactively
labeled DNA. The radioactivity has been detected using
X-ray film according to manufacturer’s instructions.
Mock-inoculated (T1) and SVBV-infected strawberry
leaves (T2) were harvested at 40 dpi. In order to account
for the variation between individual plants, three leaves
from three different plants were used to prepare each
RNA sample. Total RNAs were extracted from leaf
tissues using TRIzol Reagent following the manufac-
turer’s instructions (Invitrogen). RNA concentration and

integrity were analyzed on an Agilent 2100 Bioanalyzer
(Agilent Technologies).

lllumina sequencing and CDS analysis
c¢DNA library preparation and sequencing were conducted
by the Biomarker Technology Company, Beijing, China.
The c¢DNA library was sequenced on the Illumina Cluster
Station and Illumina Genome Analyzer platform. The
Trinity method was used for de novo assembly of reads.
The transcripts were clustered by similarity of correct
match length beyond the 80 % of longer transcripts or
90 % of shorter transcripts using the multiple sequence
alignment tool BLAST [18]. The raw sequence data of
two samples were uploaded to NCBI (http://trace.ncbi.
nlm.nih.gov/Traces/sra_sub/sub.cgi), and the accession
numbers are SRR1930099 for SVBV-infected sample and
SRR1930097 for mock-inoculated control, respectively.
The coding sequences (CDS) of the unigenes were pre-
dicted by ‘getorf’” model of EMBOSS (http://emboss.
sourceforge.net/apps/cvs/emboss/apps/getorf.html/).
The complete CDS sequences were compared with the
CDS sequences of Nipponbare (Os-Nipponbare-Refer-
ence-IRGSP-1.0) (http://rapdb.dna.affrc.go.jp/download/
irgspl.html).

Functional annotation and digital gene expression analysis
We annotated unigenes based on a set of sequential
BLAST searches designed to find the most descriptive an-
notation for each sequence [19]. The assembled unigenes
were searched against sequences stored in the online
databases NR, NT, Swiss-Prot, KEGG, COG and GO.
The Blast2GO program was used to obtain GO anno-
tations for the unigenes, and WEGO software was then
used for GO functional classification [20].

Gene expression levels were measured in RNA-Seq
(Invitrogen) analyses as numbers of reads and were
normalized with RPKM [21]. IDEG6 software was used
to identify differentially expressed genes in pair-wise
comparison [22], and the results of all statistical tests
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were corrected for multiple testing with the Benjamini—
Hochberg false discovery rate (FDR < 0.01).

Quantitative RT-PCR (qRT-PCR) analysis

To validate the results of pyrosequencing analysis, we
determined the expression levels of 10 DEGs by qRT-
PCR. Total RNAs from each sample were extracted
using TRIzol reagent (Invitrogen) and qRT-PCR was
performed using SYBR® Premix Ex Tap™ 11 (TaKaRa)
according to the manufacturer’s instructions. qRT-PCR
cycles were carried out on a Step One Real-Time PCR
system (ABI) as follows: 30 s at 95 °C for denaturation,
followed by 40 cycles of 5 s at 95 °C for denaturation,
30 s at 60 °C for annealing. Fluorescence data was col-
lected at 60 °C. A melting curve was performed from
60 °C to 95 °C (held for 1 s per 0.1 °C increase) to examine
the specificity of the amplified product. Primers used in
qRT-PCR for validation of differentially expressed genes
are shown in Additional file 1: Table S1, an actin gene
from woodland strawberry was selected as the reference
gene. Expression quantification and data analysis were
performed in accordance with Bustin et al. [23].

Additional files

Additional file 1: Table S1. Primers used for gRT-PCR validation of
DGEs. (DOC 30 kb)

Additional file 2: Figure S1. Length distribution of unigenes in the
assembled transcriptomes. The x-axis shows the lengths of unigenes and
the y-axis shows the number of unigenes calculated in our library. (TIF 462 kb)

Acknowledgements
This research was supported by the only Grant (No. 31371915) from National
Natural Science Fund of China.

Availability of data and materials

The raw sequence data of two samples were uploaded to NCBI (http:/
trace.ncbi.nim.nih.gov/Traces/sra_sub/sub.cgi). The accession numbers are
SRR1930099 for SVBV-infected sample and SRR1930097 for mock-inoculated
control, respectively. The coding sequences (CDS) of the unigenes were
predicted by ‘getorf' model of EMBOSS (http://emboss.sourceforge.net/apps/
cvs/emboss/apps/getorf.html/). The complete CDS sequences were compared
with the CDS sequences of Nipponbare (Os-Nipponbare-Reference-IRGSP-1.0)
(http//rapdb.dna.affrcgo.jp/download/irgsp.html).

Authors’ contributions

Tong Jiang and Jing Chen conceived and designed the study and wrote
the paper. Jing Chen, Hanping Zhang and Mingfeng Feng performed the
experiments and data analysis. All authors read and approved the final
manuscript.

Competing interests
The authors declare that they have no competing interest.

Received: 15 May 2016 Accepted: 4 July 2016
Published online: 13 July 2016

References

1. Converse RH. Modern approaches to strawberry virus research. Acta Hortic.
1992,308:19-30.

2. Honetslegrova J, Mréz |, Spak J. Detection and isolation of Strawberry vein
banding virus in the Czech Republic. Acta Hortic. 1995;385:29-32.

18.

20.

22.

23.

Page 7 of 7

Brikmann U, Mattes RE, Buckel P. High-level expression of recombinant
gene in Escherichia coli is dependent on the availability of the dna Y gene
product. Gene. 1989;85:109-14.

Mahmoudpour A. Infectivity of recombinant Strawberry vein banding virus
DNA. J Gen Virol. 2003,84:1377-81.

Petrzik K, Benes V, Mréz |, Honetslegrova-Franova J, Ansorge W, Spak J.
Strawberry vein banding virus definitive member of the genus
Caulimovirus. Virus Genes. 1998;16:303-5.

Darwish O, Slovin JP, Kang CY, Hollender CA, Geretz A, Houston S,Liu ZC,
Alkharouf NW. SGR: an online genomic resource for the woodland
strawberry. BMC Plant Biol. 2013;13:223.

Shulaev V, Sargent DJ, Crowhurst RN, Mockler TC, Folkerts O, Delcher AL, et
al. The genome of woodland strawberry (Fragaria vesca). Nat Genet. 2011;
43(2):109-16.

Nicholas El, Chris PP. Predicting long non-coding RNAs using RNA
sequencing. Methods. 2013;63:50-9.

Lu J, Du ZX, Kong J. Transcriptome analysis of Nicotiana tabacum infected
with Cucumber mosaic virus during systemic symptom development. PLoS
One. 2012;7:e43447.

Zheng WJ, Ma L, Zhao JM, Li ZQ, Sun FY, Lu XC. Comparative transcriptome
analysis of two rice varieties in response to rice stripe virus and small brown
planthoppers during early interaction. PLoS One. 2013;8:e82126.

Zhang YQ, Pei XW, Zhang C, Lu ZF, Wang ZX, Jia SR, Li WM. De Novo foliar
transcriptome of Chenopodium amaranticolor and analysis of tts gene
expression during virus-induced hypersensitive response. PLoS One.
2012;7:45953.

Wallace W, Secor J, Schrader L. Rapid accumulation of y-aminobutyric acid
and alanine in soybean leaves in response to an abrupt transfer to lower
temperature, darkness, or mechanical manipulation. Plant Physiol.
1984;75:170-5.

Serraj R, Shelp BJ, Sinclair TR. Accumulation of y-aminobutyric acid in
nodulated soybean in response to drought stress. Physiol Plant.
1998;102:79-86.

Akama K, Takaiwa F. C-terminal extension of rice glutamate decarboxylase
(OsGAD2) functions as an autoinhibitory domain and overexpression of a
truncated mutant results in the accumulation of extremely high levels of
GABA in plant cells. J Exp Bot. 2007;58:2699-707.

Zhang JH, Schurr U, Davies WJ. Control of stomatal behaviour by abscisic
acid which apparently originates in the roots. J Exp Bot. 1987;38:1174.

Liu X, Bai X, Wang X, Chu C. OsWRKY71, a rice transcription factor, is
involved in rice defense response. J Plant Physiol. 2007;164:969-79.
Schaart JG, Dubos C, Romero De La Fuente |, van Houwelingen AM,

de Vos RC, Jonker HH, Xu W, Routaboul JM, Lepiniec L, Bovy AG.
Identification and characterization of MYB-bHLH-WD40 regulatory
complexes controlling proanthocyanidin biosynthesis in strawberry
(Fragaria x ananassa) fruits. New Phytol. 2013;197:454-67.

Kent WJ. BLAT-the BLAST-like alignment tool. Genome Res. 2002;12:656-64.
Altschul SF, Madden TL, Schéffer AA, Zhang J, Zhang Z, Miller W, Lipman DJ.
Gapped BLAST and PSI-BLAST: a new generation of protein database search
programs. Nucleic Acids Res. 1997,25:3389-402.

Conesa A, Gotz S, Garcia-Gomez JM, Terol J, Talon M, Robles M. Blast2GO: a
universal tool for annotation, visualization and analysis in functional
genomics research. Bioinformatics. 2005;21:3674-6.

Mortazavi A, Williams BA, Mccue K, Schaeffer L, Wold B. Mapping and
quantifying mammalian transcriptomes by RNA-Seq. Nat Methods.
2008;5:621-8.

Romualdi C, Bortoluzzi S, D'Alessi F, Danieli GA. DEG6: a web tool for
detection of differentially expressed genes in multiple tag sampling
experiments. Physiol Genomics. 2003;12:159-62.

Bustin SA, Benes V, Garson JA, Hellemans J, Huggett J, Kubista M, Mueller R,
Nolan T, Pfaffl MW, Shipley GL, Vandesompele J, Wittwer CT. The MIQE
guidelines: minimum information for publication of quantitative real-time
PCR experiments. Clin Chem. 2009,55:611-22.


dx.doi.org/10.1186/s12985-016-0584-5
dx.doi.org/10.1186/s12985-016-0584-5
http://trace.ncbi.nlm.nih.gov/Traces/sra_sub/sub.cgi
http://trace.ncbi.nlm.nih.gov/Traces/sra_sub/sub.cgi
http://emboss.sourceforge.net/apps/cvs/emboss/apps/getorf.html/
http://emboss.sourceforge.net/apps/cvs/emboss/apps/getorf.html/
http://rapdb.dna.affrc.go.jp/download/irgsp1.html

	Abstract
	Background
	Methods
	Results
	Conclusions

	Background
	Results and discussion
	Illumina sequencing and reads assembly
	Global patterns of gene expression in response to �SVBV infection
	Analysis of important KEGG pathways
	Confirmation of expression patterns by qRT-PCR

	Materials and methods
	Sample preparation
	Illumina sequencing and CDS analysis
	Functional annotation and digital gene expression analysis
	Quantitative RT-PCR (qRT-PCR) analysis

	Additional files
	Acknowledgements
	Availability of data and materials
	Authors’ contributions
	Competing interests
	References

